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Figure 4. (A) MammaPrint predicted survival in non-basal subset
of NKI breast dataset. (B) Pathway Index scores of 70-gene
MammaPrint signature predicted survival in non-basal subset of

Figure 6. Pathway Index scores of proliferation signature, CIN25
and the 21-gene non-proliferation CIN25 signature correlated
with each other in NKI breast tumor dataset.

Figure 9. Pathway Index scores of EGFR locus co-linear
signature based on expression microarray predicted
EGFR copy number amplification status in TCGA GBM
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dataset. (B) The proliferation signature predicted survival in NKI
breast tumor dataset.
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with Pathway Index scores of 183 canonical pathways, to
identify hypoxia deregulation in Renal Cell Carcinoma samples.
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